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Predicting a financial index by articles:
Multi-task learning on latent topic space
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This paper aims to predict a company’s financial index by analyzing articles about

the company. The authors propose MultiMedLDA, which is one of supervised topic models. Multi-
MedLDA assumes that each document has two types of labels, discrete value label and continuous

one. It models relation between each document and these labels, and predicts an unknown label

based on known labels and the documents. Making use of not only documents but also the known

labels, it improves prediction accuracy. We evaluated our model with data from the ” Japan Com-

pany Handbook”. Using comments for each company as a document, the type of industry as a
discrete value label and the company’s ROE (Return On Equity) as a continuous value label, we

predicted the ROE in the evaluation.
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2N T =R DAL N ¥y 2 & HeE Uillfid 7 ~L 2 Tl
T35, TANTF—ROEIE Ny 7 H#fEEIREGH T L
ERUMRETTORITNIER S5\ 28, MedLDA
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D
1 ~
MAE:BZ|yd—yd| (35)
d=1
Yo I EFETNVOFHRUETH D, yq IFEMETH S, FHME

DEMEP SN TVWDIFEEREWEEZ L5720, 01
EWIEEEN TS,
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RMSE & MAE (ZHR TR E RS2 BT 2 MH
2HY, MAE 3 Z DR TCLRENLIEFETH 5.
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4: KFEDO My 7 2L D MAE

RO 7233, M41277. MultiMedLDA (2
BLTRER&E MY ZBIZBWT CC DI RS 58D
DEBREIT- 7208, TOHRTHROLERNPED - 25E
DEDETOY PLTWAE., ZOXPSH»E LI,
MedLDA 128 \WTH MultiMedLDA (28 WTH, i
E% 7V X L5 X 5-Rand & D &, #@ED 3, nT
WAL 2-Seq IRD /i@ WHEEEZ R U7, £ hEY
IEIZBIIBHRED O B BERTENE, EBRUZ4F
HEONTIFREF LD MultiMedLDA-Seq HZEMIZ
HEOMWEEZRLTWA. — 5T MultiMedLDA-Rand
B EWERE R ->TE D, BFEFED MedLDA 12



HARTHRETFED MultiMedLDA (%, #IHfED 5 21
IZHEREDRELSELIND T LD ro Tz,

5 LI

AT, XETFT—X%2E L IZHEOMBEREELZ T
W 2HEIZED A, PEYIZETFLO—FETHS
MultiMedLDA Z#2E U7, ZOETFIVIX, BSOS fE
ZFRH U CEAZETED MedLDA ZHEL 725D TH
%. MultiMedLDA DOFHEUIE, BEBE & EfEME 2 Vv D
2 FEFDOBAE T NV A FRRHCREOXEEKD Z &M T
ELETHY, EITMATHM S XL DIEHRE 5 5E
ULODORATZ RV EHEET DI N TE S, T2
W) DT — &% HWTIAMERZ 17 - 768, B S
RN EELURVWBFETIETH S MedLDA £ D R
WHERER R U7z, 77, RRCIRETFICHLTE, £
TIWRT A — R %FET HEEOMMED 5 2 5 kS
A EICEETHLI &N -7,

AFETIEWDWY S closed test 175 72h3, 541358
FERMGEIC & D Bl HB NN T A =R BRE L ETT A
k24T, & ORI ' TV DO NALTERE & B L 72\,
7z, BRRTIE—DOCEICHERE 7 ~)L & A
TRV =DFTOMETEEHELTWED, Ik
BEEE T DR T A 2 e TX SR A MERED M LA X
L5FETHD.

i

AR EITICHZDEIRRIE Z2H 2045 KFE
KFBEREFT LA TR D PR K 2 B08% & &l h ml BRI
T 5. AWFED —EII R AR ST E il B e BRI 5
(B)(15H02703) DI & 5.
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