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Abstract: We conduct a novel virtual stock market experiment that aims to investigate the
motives behind short-term investment behavior at the individual decision-making level. In particular, we focus on individual investors’ trading strategies in response public information – about
prices, macroeconomic news, and relevant individual-stock information. The distinguishing feature
of our experiment is the use of factual contemporaneous news items directly related to the stocks
in subjects’ portfolios. We ﬁnd that more information leads among our experiment participants to
more frequent trading; majority of it is positive-feedback following individual stock prices and the
market as a whole. Our subjects are driven by psychological motives when deciding their orders; in
particular, regret aversion is a habitually common reason for trading and for not trading – through
the disposition eﬀect.

1
1.1

Introduction

particularly concerning the utilization and responsiveness to information. We feel conducting such an experiment was necessary to directly examine the relationship between trading behavior and information –
we used real-world information and real stocks with
real prices, albeit in a virtual stock market environment. Our ﬁeld experiment may thus be considered
to be a fact ﬁnding investigation into the short-term
behavioral patterns and trading motives of individual
investors.
We focus on individual investors’ trading strategies and their relation to public information – about
prices, macroeconomic news, and relevant individualstock information. Our principal goals are to address
the following issues:

Motivation and Purpose

Theoretical research as well as empirical evidence offer mixed results regarding individual investor trading
strategies and motives behind them. Are investors
trading on information or are they simply trying to
predict prices based on fads and/or behavioral biases?
If investors follow certain patterns, what are those
– trend-chasing or contrarian? Do investors watch
closely news related to stocks in their portfolios and
respond to them accordingly or perhaps they focus on
market-wide macroeconomic information? This experiment aims to investigate links between public information and short-term investment behavior at the
individual decision-making level. As these issues are
of particular importance in ﬁnancial markets, we have
designed a virtual stock market experiment to investigate the relevant decision processes directly.
Whereas there are numerous extant studies that
use aggregate market data, in a controlled experiment
we were able to gather detailed data on individual
trading strategies – this was the main motivation behind our project. The other driving force behind our
experiment was the need to advance our understanding behind the very motives for trading by individuals,

1. Do investors actually take into account contemporaneous public information when making their
trading decisions?
• Does the amount of information inﬂuence
frequency of trading?
• Do investors adhere to distinctive trading
patterns, i.e. do they use positive feedback
or negative feedback strategies?
2. What are the reasons behind speciﬁc trading decisions and decisions not to trade?
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• What kind of strategies are utilized most
frequently and are they based on fundamental or behavioral motives?
• To what extent do investors employ “wait
and see” hold strategies and why?
3. Are investors prone to behavioral biases and if
so, what are they?
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• Do we observe the disposition eﬀect and if
so, when?
• Are trading decisions based on regret aversion?

1.2
1.2.1

(1986)[11] ﬁnd evidence for a relevant volume discrepancy on NYSE and Amex: there is more volume
for winners over several time periods (from 5 to 35
months). Ferris, Haugen, and Makhija (1988)[4] empirically analyzed thirty US stocks and showed further
evidence for the disposition eﬀect – current volume
was negatively correlated with the volume on previous days when stock prices were higher than the current price. Further empirical evidence from the Tokyo
Stock Exchange was added by Bremer and Kato (1996)[2].
Also, Odean (1998)[12] found in a survey of some
10,000 individual investor accounts that there was a
greater tendency to realize paper gains than paper
losses.
The studies mentioned above oﬀer little to no insight into the investor’s decision process. In our experiment, we approach the disposition eﬀect from a
diﬀerent perspective: we ask our subjects to report
whenever they refrained from trading and tell us also,
what information they took into account when deciding not to trade.

Related Literature
Feedback Trading

Empirical investigations into individual investor behavior have thus far focused chieﬂy on analyses of
macro data. Among the most oft-cited papers in this
vein is the work of Lakonishok, Shleifer, and Vishny
(1994)[10]. The authors ﬁnd evidence that individual
investors use positive feedback trading strategies and
attribute it to irrational extrapolation of past growth
rates. On the other hand, there is ample evidence
for contrarian trading behavior among individual investors, a notion closely related to the so-called disposition eﬀect. The ﬁrst to provide theoretical background and empirical analysis of the disposition effect were Shefrin and Statman (1985)[13], who proclaim that individual investors tend to employ negative feedback strategies by selling past winners. More
recently, and proving the issue to be of importance
not only to academics but also to ﬁnance industry
professionals, Tanaka (2006)[14] ﬁnds evidence that
“individual investor activity exhibits a strong negative correlation with the TOPIX”.
In this project, we strive to investigate the issue of
individual investor short-term feedback trading from
a diﬀerent, information-based approach. Our results
lend partial support for the positive feedback side of
the story – we discuss this matter at length in section
4.
1.2.2

Another prominent idea that might shed some light
on investor’s attitudes toward new information is the
minimax regret model due to Savage (1951)[15]. Savage shows how a decision maker may be aﬀected by
adding an alternative to or discarding an option from
a given opportunity set. This is called opportunity
dependence, and regret aversion is one kind of breaking IIA (Irrelevance of Independent Alternatives). IIA
mush hold to satisfy the weak axiom of the theory of
preference revelation. The theory of Savage predicts
that the decision maker may change their preferences
depending on new information because arrival of information changes their opportunity set. The regret
aversion can be explained by the changes in the decision maker’s reference point – this idea was introduced
by Tversky and Kahneman (1991)[16]. Both theories
predict that a strategy may become aggressive or conservative when new information arrives; hence a “wait
and see” strategy may emerge as a result of a change
in an investor’s attitude. Thus even if the time to sell
has gone, an investor might try and keep their position because they can recover their unrealized loss by
waiting for a few days.
A compelling suggestion regarding the strategies
related to regret aversion is developed by Hayashi
(2006)[6]. He calls attention to the cut-oﬀ point used
by investors in their dynamic choices. He uncovers a
tendency to commit to one’s own strategy rather than
properly updating beliefs after observing new information – price changes of stocks in investors’ portfolios. This makes investors more aggressive and results
in time inconsistency. He also provides the threshold point for when investors are aﬀected new information – prices of stocks they own. The intuition
behind this mechanism is that by updating prices of
stocks, their cut-oﬀ line to sell(or buy) does not depend on any independent distribution, but on the size
of anticipated regret when the value of trade is under
the cut-oﬀ line. The size of regret is decided by the
new information, so investors’ thresholds are depend

The Disposition Eﬀect and Regret Aversion

An extensive body of research indicates that a large
proportion of investors hold a tendency to hold on
to losing stocks and sell stocks which have gained
in value. This type of behavior is usually referred
to as the “disposition eﬀect”. Shefrin and Statman
(1985)[13] were the ﬁrst to uncover the disposition effect in the context of investor behavior, but the idea
originates from the seminal work of Kahneman and
Tversky (1979)[9] on the prospect theory, who point
to the proneness of decision makers to accept rather
risky gambles when that person had not made peace
with their losses. On the level of an individual investor, the disposition eﬀect means that the investment pattern of a particular investor exhibits asymmetry: the number of assets sold should be smaller
for losing stocks than for winning stocks, relative to a
speciﬁc reference point. The disposition eﬀect surely
is related to regret aversion: in fact, such behavior is
prompted by the desire to avoid regret due to losses.
Since those pioneering studies surfaced, a body of
research followed lending further support for the existence of disposition investors. Lakonishok and Smidt
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• On the ﬁrst “orientation” day (10th of March for
Round 1, and 18th of October 2008 for Round 2,
respectively) students were gathered and given a
lecture explaining brieﬂy the workings of a stock
market. In particular, the relationships between
the fundamental value, price and various types
of information were explained and their complexities were duly pointed out.

on ϵ-contamination, the investor’s subjective decision
weights. Under this assumption, the backward induction cut-oﬀ strategies are described in a recursive
form; today’s strategy is decided by a one step ahead
expectation and future strategies are determined by
the discounted value of two step ahead expectation
under the condition that the one step ahead information is known.
Hayashi (2008)[5] predicts that a decision maker sets
their cut-oﬀ line so as to equalize the size of two diﬀerent types of regret. One regret is for a price rise just
after selling it (or a drop after just buying it) and
the other is a decline in price when they decide to
keep it (or an increase in price after not buying). The
threshold for the decision maker is determined when
they commit to future strategies now. An investor
expects their own regret to be brought on by the arrival of day-by-day information and so when a price
decline is realized, it makes their regret larger and
their cut-oﬀ line moves up. This makes the strategies more aggressive compared with no information
updating and without commitment.
This theory can help explain the asymmetric attitudes
towards declines and rises in stock prices: why individuals are reluctant to sell when stock prices decline
but they try to dispose of stocks when prices are rising. Accordingly, the decision maker is strongly motivated not by the expectation of future stock value
itself but by their own regret aversion. We therefore
attempt to investigate in the second round of our experiment explicitly whether individual investors are
actually motivated by regret aversion: we made the
subjects report whenever they used a “wait and see”
strategy, i.e. even that they found some information
to be of interest, their decision was not to trade that
day – postpone buying or selling and keeping the current position unchanged.

2
2.1

• Following the lecture, the subjects were introduced to the Nomura Virtual Stock Market, where
each subject was provided with their own account. A portfolio of ten stocks was chosen and
each subject would during the span of the experiment have the opportunity to trade on these
stocks (whilst adding new stocks was disallowed,
selling all the holdings of a particular stock was
not) in the virtual market based on information
provided daily to the subjects’ e-mail addresses
by the instructors.
• The ten stock comprising subjects’ portfolios
were: Toyota, Sony, Softbank, NTT Docomo,
Sharp, Toshiba, Yahoo, KDDI, Rakuten and either Nissan or Canon – the last stock diﬀered
randomly among participants to prevent possible communication between subjects. The initial position in all of the stocks was a long position of around 50,000 yen; thus about 500,000
yen was pre-invested in stocks, while another
(roughly) 500,000 was available as virtual cash
for further orders.
• Starting from Monday the 10th through Thursday the 13th of March (four weekdays) for Round
1, and from Monday the 20th through Friday
the 30th of October 2008 (ten weekdays) for
Round 2, a daily newsletter with information
relevant to the stocks in the portfolio was sent
to the participants. Subjects were divided into
two groups according to diﬀerences in portfolio
composition and in the information provided.

The Experiment
Basic Data

• All the subjects also received common, macro
data package including details of index (Nikkei
225, TOPIX, and DJIA) and exchange rate (US
Dollar vs. Yen) movements on a particular trading day.

We have performed two rounds of the experiment, one
in March 2008 and one in October 2008. The ﬁrst
round (“Round 1”) spanned four trading days during one week, while the second round (“Round 2”)
spanned ten ten trading days during two weeks. The
table below summarizes the basic experiment data.
Rnd 1
Rnd 2

Dates
10 – 13 III 2008
20 – 30 X 2008

# Sub.(valid)
25 (24)
31 (28)

• Out of ten stock in the portfolios, identical information about ﬁve companies was sent to each
subject. For Round 1, subjects in one group received each day ﬁve pieces of information about
four selected stocks plus ten pieces of information about the Toyota stock. Subjects in the
other group received each day ﬁve pieces of information about the same three stocks as did
the ﬁrst group and the Toyota stock plus ten
pieces of information about one remaining stock.
For Round 2, news related to individual stocks
were homogeneous throughout all subjects; we
divided participants into two groups by including an extra bundle of ﬁve pieces of information

Pool
Keiai
Keio

Table 1: Basic data.

2.2

Experiment Design and Procedures

For ease of exposition, the main experimental procedures are itemized below.
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regarding economy-wide events of the day in the
newsletter sent to one of the two groups.

reason to believe our results indeed reﬂect individual
decision making processes.
The decision to divide subjects into groups – based
on number of information items about Toyota in Round
1 and on extra macroeconomic news in Round 2 – was
taken to further investigate the relationship between
the volume of information and frequency of trading
and to discourage communication between subjects
that might have been hard to avoid were the information packages sent to the participants completely
identical. As no signiﬁcant eﬀects due to the abovestated diﬀerences in information received were found,
we suppress this issue in the remainder of this paper.
We believe these divisions were innocuous and do not
inﬂuence our ﬁndings.

• Company-speciﬁc information sent on a particular day included the closing price and percentage
change from the previous day as one piece of information plus four (nine in case of one stock for
Round 1) pieces of public information related to
the companies in subjects’ portfolios that were
reported on that day in the media. An excerpt
from a typical newsletter is presented in Appendix ??. It is taken from the original newsletter in Japanese. An English translation will be
substituted as required.
• The information newsletter was sent until a speciﬁc time (4:00 pm for Round 1 and 6:00 am
for Round 2) on each trading day; the subjects
decided on their trades and made appropriate
transactions in the Nomura Virtual Stock Market. The subjects would then indicate in detail which information items propelled them to
make their trading decisions, by e-mail sent to
the instructors.

2.2.1

While in Round 1 of our experiment we asked the participants to report only which news they found useful
when placing particular buy and sell orders, we expanded the required reporting protocol in Round 2 of
the experiment. In particular, we asked that the subjects report also their judgments regarding the meaning and accuracy of received information items. In
addition, the subjects were asked to report the kind
of strategy that most closely ﬁts their trading choices
– they had to choose one from a list of possible reasons for a trade. In order to illustrate this reporting
process, let us consider an example of a typical report
from a participant below:

• The trades were reﬂected in the subjects’ virtual
market portfolios the morning following the day
particular buy and sell orders were entered.
• Following the last trading day of the experiment, the subjects were gathered again and the
ﬁnal payments are made, including heterogeneous rewards according to the subjects’ trading
performance. Subjects were also asked to ﬁll out
a ﬁnal questionnaire on that day.

D – D03/G/S; M01/VG/AS – UV,
where “D” is the code for NTT Docomo, “D03” is
the code for the third news item regarding the company in question from the ﬁrst trading day, “M01”
stands for the ﬁrst day’s ﬁrst macroeconomic data
(the Nikkei 225), “G” and “VG” represent the subject’s judgment that the news were good and very
good, respectively, “S” and “AS” stand for the subject’s judgment that the news were accurate and very
accurate, respectively, and ﬁnally, “UV” represents
the subjects strategy, in this case “undervalued”. The
list of available strategies is presented below in section
3.2.1.

• The structure of payments to the participants
was made up of three components and is summarized in the table below: (i) a uniform payment for participation in the opening lecture
and instructional lesson YL ; (ii) a predeﬁned
daily compensation for proper reporting of information used for trading YI ; (iii) performancedependent compensation after the completion of
the experiment YX .
Rnd 1
Rnd 2

YL
2000
2000

YI (∗ # of days)
1000 (∗4)
400 (∗10)

Additional Features in Round 2 of the
Experiment

YX
∈ [−2000, 2000]
∈ [−1000, 2000]

3

Table 2: Structure of compensation (in JPY).

Results

We divide this section into two parts, corresponding
to the two main issues we are interested in, i.e. regarding (i) basic data on trading and information usage, (ii) reasons for trading and employed strategies,
including behavioral stories.

A few remarks are in order.
As we used factual contemporaneous information
as it was made public, there was no possibility to bias
the information in favor of good or bad news.
All our subjects were beginners when it comes to
stock market trading. The trades were only virtual
and the subjects did understand that they were pricetakers. This experiment did not involve trade between
subjects and thus there was no incentive for the subjects to communicate with each other. We thus have

3.1
3.1.1

Information and Trading Patterns
Trading Frequency and Information Usage

First we report some basic results on the aggregate
frequency of trades, per-subject average trading fre-
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quency, both aggregate and per-subject usage of information, and the relationship between amount of
used information and number of trades. When calculating the number of information items used for making buying and selling decisions, we (for the time being) counted the same information twice if it was used
for two separate orders – the same piece of information has potentially diﬀerent implications for diﬀerent
stocks; also, in the data below we do not include information reported to have been used for “hold” strategies. The two tables below summarizes these ﬁndings.
Rnd 1
Rnd 2

# Days
4
10

# Tr.
259
441

ET
10.79
15.75

more information was used, the larger was there chance
of a sell order.
3.1.2

Feedback Trading

Now we turn to the presentation of results regarding
feedback trading strategies. We distinguish here between three types of feedback trading, whether positive or negative: (i) absolute F A – where reported
information is not taken into account; (ii) individual
stock price F I – where we look at the direction of
the trade and compare it with the price change of the
stock whenever it was reported as used; (iii) market
index F M – where we compare the direction of the
trade with the Nikkei 225 index change whenever it
was reported as taken used. In the table below, we
report percentage values for positive feedback trading.

ETD
2.70
1.58

Table 3: Trading frequency (ET indicates average
number of trades; ETD stands for the average number
of trades per day.)

Rnd 1
Rnd 2
Rnd 1
Rnd 2

# Days
4
10

# Inf.
633
1086

EI
26.38
38.79

EID
6.59
3.88

FM
90.48%
71.95%

Thus our subjects used more positive than negative feedback trading strategies, although the numbers do not point any extremeness of this phenomenon.
When the trading horizon is shorter, those who watch
both individual stock prices as well as the market index movements engage in positive feedback trading
more often than it is the case for longer trading period.
Next, we report on the correlations (again, aggregated across subjects) between the incidence of positive feedback trading J and (i) frequency of orders for
which individual stock prices were reported as used P ,
(ii) frequency of orders for which market index data
were reported as used, and (iii) total number of information items reported to have been used N ; the asterisks in parentheses “(**)” indicate 5% signiﬁcance
from the Pearson product-moment correlation coeﬃcient test for the non-directional hypothesis.

It is worth mentioning that an average subject’s
number of trades per day and number of information
items reported diﬀer considerably between Round 1
and Round 2 – during the shorter Round 1 subjects
trade much more and report that they used more information than during the longer Round 2. Interestingly though, the ratios of average number of news
reported to average number of trades are remarkably
similar for both rounds: 2.44 for Round 1 and 2.46 for
Round 2: the average “information per trade” index
does not change with the trading horizon.
We have computed several aggregated across subjects correlation coeﬃcients with respect to the relationships between frequency of trades T , directions
of the trades B (Buy), and number of reported news
items taken into account N . They are summarized
in the table below; the asterisks in parentheses “(*)”
and “(**)” indicate 5% signiﬁcance of the Pearson
product-moment correlation coeﬃcient test for the directional and non-directional hypotheses, respectively.
ρ[T, N ]
0.778 (**)
0.321 (*)

FI
74.58%
65.03%

Table 6: Feedback trading.

Table 4: Reported information usage ( EI indicates average number of information items used; EID
stands for the average number of information used per
day.)

Rnd 1
Rnd 2

FA
61.39%
63.91%

Rnd 1
Rnd 2

ρ[J, P ]
0.627 (**)
0.392 (**)

ρ[J, M ]
0.104
0.187

ρ[J, N ]
-0.062
0.039

Table 7: Feedback correlations.
While there is no discernible connection between
total number of information used and feedback trading, we can see there is considerable correlation between positive feedback trading and using prices for
investment decisions among our participants. It is
perhaps beneﬁcial to report here that in majority of
cases, subjects did not report that they had used either individual stock price data or the Nikkei 225 index when deciding their trades – the former were reported to be used in about 23% and 41% of trades in
Round 1 and Round 2, respectively, while the latter
in about 16% of trades in Round 1 and roughly 19%
of trades in Round 2. Hence those who watched for

ρ[B, N ]
-0.106
-0.310

Table 5: Correlations between trades and information.
Thus in both rounds of the experiment, subjects
who on average used more information to make their
decisions also traded more frequently. Moreover, the
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more of speciﬁc company-related information traded
according to their judgment of what the inﬂuence of
that information on prices would be (no feedback effects) whilst those who focused more on price movements did exhibit the tendency to feedback-trade, mostly
positively.

3.2

Trading Motives and Strategies

This section concerns mainly Round 2 of our experiment, where the reporting requirements from subjects
were much richer than in Round 1.
3.2.1

Regret
Sample
Average
Variance
Welch’s t
DoF

Reasons for Trading

First we report on the distribution of reasons for trade
given by the experiment participants. The participants had the choice of ten trading strategies plus
a “wait and see” report that corresponds to a hold
strategy – all the available choices are listed below.

3.2.2

• OV – based on fundamental reasons, the stock
is overvalued;

• DK – based on personal preference for the company, the stock is overvalued;
• XB – expecting a price increase in the future,
buy;
• XS – expecting a price drop in the future, sell;
• RP – after a price drop, sell to avoid regret due
to having to sell later at an even lower price;
• RN – after a price increase, buy to avoid regret
due to having to buy later at an even higher
price;
• RB – after a price drop, buy to avoid regret due
to having to buy later at a higher price;
• RS – after a price increase, sell to avoid regret
due to having to sell later at a lower price;
• WS – wait and see: based on reported news,
decision to hold the stock and postpone trading.
When subjects did trade – we thus exclude the
“wait and see” WS strategies for now – their reasons
were distributed as illustrated in the following table.
LK
1.96
RN
19.36

DK
0.25
RB
8.09

Price ↓
43
30%
0.058

Nikkei ↑
6
48%
0.025
1.020
8

Nikkei ↓
4
61%
0.049

Reasons for Not Trading: “Wait and
See” Holding Strategies

When a subject of our experiment (Round 2) decided
not to trade even though they found some information
sent to them useful, they reported a holding strategy
“wait and see” for a particular stock in question on
a given trading day. For 650 cases the subjects had
to make a decision, 209 times they decided to not
trade and report they were going to “wait and see”.
This means that roughly once in three times (exactly
32.15%) trading was avoided by our participants.
The apparently large number of “wait and see” reports compelled us to examine this issue more closely.
We thus compiled a chart of changes in stock prices
against the ratio of “wait and see” reports to the total
number of reports, for individual portfolio stocks (for
the common 9 out of 10 stocks in subjects’ portfolios)
and for the Nikkei 225 index for each of the trading
days. This made it possible for us to test whether
there is a signiﬁcant relationship between the direction of price changes and the frequency of “wait and
see” strategies, and thus to check for the disposition
eﬀect on the sell side.
We have performed the Welch’s t-test to check if
the frequency of “wait and see” reports was larger
after individual stock price decreases than after increases. The two-tailed test indicates at 5% signiﬁcance level (*) that indeed the subjects refrained from
trading more often after individual stock price drops.
Moreover, the same was true for the case of Nikkei
225 index. The table below summarizes these results.

• LK – based on personal preference for the company, the stock is undervalued;

OV
0.98
RP
13.48

Price ↑
47
29%
0.050
0.256
86

Table 9: Welch’s t-test – “Regret” strategies and
changes in prices

• UV – based on fundamental reasons, the stock
is undervalued;

UV
4.90
XS
13.48

As can be seen, more then half the time subjects
cited regret-related reasons for trading – the four reasons connected with regret aversion amount together
to almost 57% of all the choices. Reasons based on future price expectations alone (XB and XS) comprise
about 35% of the responses. As we veriﬁed, the frequency of regret reports was not signiﬁcantly diﬀerent
for trades after price increases from trades after price
declines:

4

XB
21.57
RS
15.93

4.1

Discussion
Information, Prices and Feedback
Trading

Based on our results, participants of our experiment
did ﬁnd useful and did take into account when mak-

Table 8: Reported reasons for trade (percent).
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Nikkei ↓ 4.2 The Disposition Eﬀect and Regret
4
Aversion
70%
It is rather striking that in more than half of the
0.012
reported cases, our subjects described some form of
regret aversion as their main reason behind trading.
Regret is undoubtedly an emotional reaction, the very
pain one experiences when they face negative eﬀects of
Table 10: Welch’s t-test – “Wait and See” reports and
their own decisions, and regret aversion, simply put, is
changes in prices.
the fear of that psychological pain – fear to be sorry.
Our subjects thus engaged in “emotional investing”
rather than rational decision making. Even though
ing their trading decisions the information that was
they did account for information when deciding their
provided to them. Those, who studied that informatrading strategies, emotions turned out to be the rultion more carefully – i.e. looked at more pieces of
ing factor behind their decisions. Moreover, those
information – traded more than those who paid relwho refrained from trade did so also, arguably, for
atively less attention to the information. Moreover,
fear of regret. According to the model of Shefrin and
those who studied prices in particular, turned out to
Statman (1985)[13], disposition eﬀect has four compobe mostly positive feedback traders. The shorter the
nents: (i) Prospect Theory – it predicts the dispositrading horizon, the more pronounced this eﬀect apton eﬀect when the proceeds realized are held and not
pears to be.
rolled over into another investment period; (ii) MenIn a related project focusing on bubbles in labtal Accounting – it clariﬁes conditions under which
oratory markets, Hirota and Sunder (2007)[7] point
the disposition eﬀect holds when realization proﬁts
to the prevalence of short-term oriented traders using
are reinvested; (iii) Regret Aversion – it provides a
forward induction rather than the rational backward
reason for why investors may resist the realization of
induction based on fundamentals. Consistently with
losses as it proves their original judgment to have been
this observation, those participants of our experiment
wrong; and (iv) Self-Control – it explains the rationale
who reported extensive use of price data exhibited
for methods investor use to force themselves to realize
mostly positive feedback trading strategies suggesting
losses: there is an internal conﬂict between a rational
that their expectations of future prices were formed
part and a more primitive emotional part of the inthrough trend extrapolating and related “technical”
vestor which may result in insuﬃcient self-control to
devices, perhaps because of their simplicity relative
close a position at a loss, despite the trader’s awareto the backward induction process.
ness of riding losers being irrational. In case of this
The issue of whether individual investors are posiexperiment, we presume regret aversion is the main
tive feedback or negative feedback traders, if either, is
suspect behind the participants’ tendency to hold on
not resolved and does need further research. Amidst
to losing stocks. By choosing to “wait and see” rather
several theoretical papers that our experimental rethan sell a stock that has declined in value our subsults relate to is the seminal work of De Long, Shleifer,
jects avoided making their paper losses a reality.
Summers, and Waldmann (1990)[3]. Our results lend
One possible, and a viable one, critique that arises
support to their theory. In their model, early buyin the context of testing for the disposition eﬀect is
ing or selling by rational informed speculators trigthat too much information obstructs the possible imgers positive-feedback trading from less informed inpact of the disposition eﬀect. Our experiment indeed
vestors. This type of behavior by an individual trader
demands from the participants a lot of attention to
– a “less informed investor”, is exactly what characbe paid to information. Thus the evidence we ﬁnd for
terizes the participants of our experiment, who trade
the disposition eﬀect in spite of the large amount of
on public news and in that they most probably follow
information the subjects had to process signiﬁes its
the trades of early-informed speculators or insiders.
robustness and prevalence.
On the empirical front, our results support the
ﬁndings of both Bange (2000)[1] for the American
stock market, who claims that “shifts in equity portfo5 Concluding Remarks
lio holdings reﬂect positive feedback trading”, as well
as Kamesaka, Nofsinger, and Kawakita (2003)[8], who
Individual investors who consider investing in stocks
ﬁnd in the Japanese market that “individual investors
have a lot of information to process: they are bomappear to be short-term positive feedback traders”.
barded with a ﬂood of information, some of which
What is more important, we were able to investigate
might be relevant for their decisions, some not. Perand identify the motives behind such trading behavhaps instead of trying to obtain that information peoior. Speciﬁcally, we were able to examine whether
ple simply follow their gut-feelings or a fad and are
public information was taken into account, and if so,
thus “behavioral” traders. There are numerous thewhat kind of public information it was – information
ories as well as empirical studies in support of either
about prices.
thesis and most probably it is the combination of
information and sentiment that drives individual investor behavior in the end. Our study adds to extant
W&S
Sample
Average
Variance
Welch’s t
DoF

Price ↑
47
25%
0.002
2.080 (*)
86

Price ↓
43
34%
0.509

Nikkei ↑
6
36%
0.068
2.790 (*)
8
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[10] Lakonishok, Josef, Andrei Shleifer, and Robert
W. Vishny, 1994, Contrarian Investment, Extrapolation, and Risk, Journal of Finance 49(5),
1541-1578.

research by oﬀering a new, experimental approach
based on real-world information provision.
We ﬁnd support for the idea that individual investors are driven by psychological factors in their ﬁnancial decision making. In particular, regret aversion
appears to be a very robust and prevalent behavioral
trait, manifesting itself in both trading and not trading – the latter through the disposition eﬀect. In future experimental research, it would be advisable to
confront regret aversion with other salient behavioral
phenomena such as biased conﬁdence. Regret aversion is an inherently “negative” motive for making
decisions; on the other hand, overconﬁdence being a
widely documented phenomenon in itself, is a rather
“positive” motive that propels investors to trade aggressively.

[11] Lakonishok, Josef, and Seymour Smidt, 1986,
Volume for Winners and Losers: Taxation and
Other Motives for Stock Trading, Journal of Finance 41(4), 951-974.
[12] Odean, Terrance, 1998, Are Investors Reluctant
to Realize Their Losses?, Journal of Finance
53(5), 1775-1798.
[13] Shefrin, Hersh, and Meir Statman, 1985, The
Disposition to Sell Winners Too Early and Ride
Losers Too Long: Theory and Evidence, Journal
of Finance 40(3), 777-790.
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