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Proposal of Prediction to Rise Volatility index based on Stock BBS using LDA

Pere RiER T ARGEHIHE 2

/NI 3

s —1 U EEREY PR

Kodai Sasaki?, Hirohiko Suwa?, Yuki Ogawa3, Eiichi Umehara?, Tatsuo Yamashita*, and Kota
Tsubouchi*

VRS TR AT ¢ T IEHFED
! Faculty of Informatics, Tokyo City University
2R Retm PR R R Setm B r Bt se et
2 Nara Institute of Science and Technology
SSLANEE RS (R T2
3 Dep. of Information Science and Engineering, Ritsumeikan University
“Yahoo! JAPAN #fF 2t
“Yahoo! JAPAN Research

Abstract: There are many studies predicting a stock market using social media. Suwa et al. (2017)
proposed a VI index prediction model. They assumed that changes sentiments of investors are topics
change posted on social media. However, in their prediction model, the data to use verification is included
in the data to use to develop their topic model. Hence, their model might be overfitting. Therefore, we
propose a prediction model of VI index avoiding overfitting. We developed a program that applies new
posting messages to topic models of a learning period. We created data for verification using this program.
As a result, we found that a logistic regression using time series topics on the past seven trading days may

predict a rise in the VI index.
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e | B\ FE | EE | B | FE
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5 0.78 | 0.88 | 0.83 | 0.79 | 0.81 | 0.80
6 090 | 0.89 | 0.84 | 0.81 | 0.80 | 0.80
7 0.86 | 0.89 | 0.84 | 0.79 | 0.70 | 0.74
8 085 | 0.88 | 0.84 | 0.73 | 0.14 | 0.09
9 0.86 | 0.89 | 0.84 | 0.80 | 0.82 | 0.81
10 085 | 0.88 | 0.85 | 0.83 | 0.77 | 0.80
11 090 | 0.89 | 0.84 | 0.80 | 0.83 | 0.81
12 087 | 0.89 | 0.85 | 0.83 | 0.75 | 0.78
13 090 | 0.89 | 0.84 | 0.81 | 0.72 | 0.76
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WE | BB S | EE | FE | K
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