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Squared correlation coefficient of Regression results
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ZeroR | 49.8%

e 14 | 58.7%
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J48_R1 | 61.9%
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J48 pruned tree

eld <= -1
| el3 <= -1: n (111.0/24.0)
| e13 > -1: p (878.0/166.0)

eld > -1

| el13 <= 0: n (845.0/135.0)
| el3 > 0: p (125.0/26.0)
Number of Leaves : 4
Size of the tree : 7

Time taken to build model: 0.14 seconds

Time taken to test model on training data: 0.11 seconds

Error on training data ===

Correctly Classified Instances
Incorrectly Classified Instances
Kappa statistic

Mean absolute error

Root mean squared error

Relative absolute error

Root relative squared error
Coverage of cases (0.95 level)
Mean rel. region size (0.95 level)
Total Number of Instances

Error on test data ===

Correctly Classified Instances
Incorrectly Classified Instances
Kappa statistic

Mean absolute error

Root mean squared error

Relative absolute error

Root relative squared error
Coverage of cases (0.95 level)
Mean rel. region size (0.95 level)
Total Number of Instances
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.6667 %
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