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Abstract:

In this paper, we propose a real world application which is an automated foreign

exchange trading system which update the trading rule automatically, using Differential Evolu-

tion(DE). There are many studies which have focused on trading system. In recent years, such

studies have attracted attention because system can catch movement of market price accurately

and quickly. DE is a simple yet powerful evolutionary algorithm for global numerical optimization.

To verify the effectiveness of the method, we performed simulations using real historical trading

data. DE was found to be superior compared to other previous methods in terms of precision and

reliability.
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Table 3: H{5[ %5 XA —%

Parameter EURUSD | USDJPY | EURJPY | GBPJPY
Initial Asset | 1,000[$] 100,000[y] | 100,000[y] | 100,000]y]
Spread 0.2 0.2 0.5 0.9
Max Position | 8 8 8 8
Table 4: JBIEFZHH L ZViGd
EURUSD USDJPY EURJPY GBPJPY
(%) 182+ 346 | -1.9+389 | 33.2+60.2 -21.9 + 144.3
BB (%) 189.8 4 80.8 | 160.4 + 41.0 | 324.5 + 100.5 | 306.6 4 234.2
Draw Down(%) 42.0 £ 65.7 | 30.5 £ 389 | 67.1 £29.2 -90.6 £ 144.4
Profit Factor(%) | 107.7 £ 11.9 | 101.3 £ 21.5 | 113.2 & 21.1 | 94.6 & 29.1
B (%) 70.3 + 17.5 | 69.7 + 22.8 | 78.9 + 33.7 77.4 £ 21.6
SEELRRHIR () | 9.7 + 8.0 14.0 +20.3 | 19.9 £+ 33.5 18.5 + 22.4
Table 5: EMNIGESF 2 HHT L 256
EURUSD USDJPY EURJPY GBPJPY
(%) 35.4 + 585 | -15.0 £44.1 | 1.5 4+ 81.2 101.7 + 116.9
i E R (%) 273.8 £ 71.3 | 150.2 + 41.3 | 312.0 £ 97.1 | 485.5 & 183.2
Draw Down(%) 40.5 4+ 66.7 | 20.9 & 54.4 | 10.4 £89.9 | 50.7 + 43.1
Profit Factor(%) | 110.9 + 95.2 | 94.2 + 18.0 | 102.0 & 18.0 | 121.8 4 29.1
B (%) 60.6 + 6.5 61.9 4+ 6.9 61.7 + 6.8 71.3 £ 6.1
SEEEEREM (RF) | 9.8 £ 9.7 72+6.1 83+ 74 8.8 +£8.2
Table 6: RIIIGE L. TCEBT-ZHEH L 7856
EURUSD USDJPY EURJPY GBPJPY
(%) 33.6 +£71.2 | 1.0 &+ 36.3 48.9 + 73.0 136.2 + 1184
IR ERE (%) 250.6 & 79.7 | 182.2 + 51.7 | 363.9 + 109.5 | 567.0 + 154.0
Draw Down (%) 26.2 + 80.1 | 45.2 +38.8 | 51.1 4 53.9 61.3 & 44.8
Profit Factor(%) | 110.9 + 20.9 | 101.7 + 14.9 | 112.4 + 18.1 | 128.5 + 26.0
5 (%) 60.9 + 6.5 64.2 + 8.0 62.8 + 8.5 70.3 + 7.7
SELRRHI (IKF) | 9.8 + 8.8 9.2 + 8.6 9.9 + 8.1 11.1 +11.2
Table 7: 46 N /=B BT D14l
Buy-Entry | Sell-Entry | Buy-Settle | Sell-Settle
12 KHD L TMERIC 2 2 HEA | 46.9 8.7 66.4 25.8
-3 ARHD ETEfRICO»28HA | 9.8 26.1 5.3 49.8
2-3 RHD L TRRICOH» 2 EA | 46.6 2.5 82.9 69.3
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