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An Attempt to Generate Market Comments via Causal Extraction
and Data Expansion Based on Tags
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Accuracy | Precsion | Recall F1
Logistic Regression 0.853 0.838 | 0.825 | 0.831
Random Forest 0.817 0.829 | 0.748 | 0.769
SVM[Mirza 14] 0.813 0.790 | 0.785 | 0.787
LSTM[Dasgupta 18] 0.659 0.612 | 0.608 | 0.610
LSTM Attention 0.771 0.747 | 0.768 | 0.753
BERT 0.877 0.858 | 0.844 | 0.866

# 2: Semeval2010 Task8 ZR5IC U 7z RIS SO HIAS R

Accuracy | Precsion | Recall F1
Logistic Regression 0.955 0.899 | 0.888 | 0.894
Random Forest 0.945 0.945 | 0.787 | 0.844
SVM[Mirza 14] 0.949 0.879 | 0.880 | 0.880
LSTM[Dasgupta 18] 0.919 0.801 | 0.861 | 0.827
LSTM Attention 0.942 0.873 | 0.846 | 0.859
BERT 0.967 0.922 | 0.922 | 0.922
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Accuracy | Precsion | Recall F1
P2 0.873 0.876 | 0.870 | 0.872
4 ¥R () 0.893 0.894 | 0.891 | 0.892
M7 0.764 0.765 | 0.764 | 0.764
M7 () 0.773 0.781 | 0.773 | 0.771
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Indian shares fell on Thursday, dragged by

technology stocks, after Infosys Ltd’s revenue
outlook and plan to return cash to sharehold-
ers fell short of expectations, raising concerns
at the start of the earnings reporting season.

Indian shares rose on Monday, on track for
their second consecutive session of gains, as
blue-chips rose after forecast of a timely mon-
soon raised hopes the central bank would lower
interest rates in June.

India’s fuel demand rose 6.4 percent in Novem-
ber compared with the same month last year,
driven by higher sales of gasoline as discounts
and festive season buying boosted passenger
vehicle sales.
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South Africa’s equities market slid on Monday,

falling more than 2 percent on the first day of
trade in 2016 in the wake of a sharp decline in
Asian assets after data showed a contraction
in Chinese factory activity.

South African shares were led higher by the
mining sector on Friday and the market looked
set to make further gains in coming sessions
after the government slashed fuel prices.

South African retailers have struggled to lift
earnings as consumers face increasing pres-
sures on disposable income.
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